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155 (9/2, 9/4) Introduction, Overview of Supervised Learning

2 (9/9, 9/11) Overview of Supervised Learning, Deep Learning Frameworks
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435 (9/23, 9/25) Multi-layer perceptron, Backpropagation A1 v (9/27)
5 (9/30, 10/2) Statistical Learning Theory: Concentration Measure

65 (10/7) Statistical Learning Theory: Concentration Measure

7 (10/14, 10/16)  Approximation-based Statistical guarantees A2 vkt (10/18)
8% (10/21, 10/23)  Approximation-based Statistical guarantees

9 (10/28, 10/30)  Dynamic-based Statistical guarantees: Neural Tangent Kernel SZFILAL (10/29)
105 (11/4, 11/6) Dynamic-based Statistical guarantees: Mean Field

115 (11/11, 11/13)  Statistical guarantees for Generative models: GAN, Diffusion Model, LLM  ¥}A|3 o}t (11/15)
1255 (11/18, 11/20)  Statistical guarantees for Generative models: GAN, Diffusion Model, LLM

135 (11/25, 11/27) Unsupervised Learning and Deep Learning
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